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Abstract

Prospect Theory (Kahneman & Tversky, 1979) is arguably one of the most influential
descriptive theories of choice, which consists of a value function that predicts the overweighting
of losses compared to gains. Building upon the general notion of bad being stronger than good
and Prospect Theoretic loss aversion, the statement ‘losses loom larger than gains’ became
accepted as a fundamental principle of human behavior. However, Mukherjee et al. (2017)
proposed that loss aversion could be magnitude dependent, as some studies reported that loss
aversion as measured using affective judgments disappears for small magnitudes, leading one to
speculate about the generalizability of loss aversion (Gal & Rucker, 2018) or its empirical
evidence at the origin (Yechiam, 2019). This has given rise to three positions in the field: the
classic version in favor of loss aversion, the evidence against the existence of loss aversion, and a
magnitude-dependent version that suggests loss aversion exists for large magnitudes but not for
small magnitudes. However, there has been no systematic study to test the hypothesis for choices
under risk. In this thesis, a comprehensive investigation of magnitude in risky choices has been
done to test if loss aversion is indeed magnitude dependent for choices. Furthermore, as
elicitation modes might impact choices and preferences (Slovic, 1995), three dominant methods
have been used to measure loss aversion for risky choices involving equiprobable gambles in
studies 1, 2, and 3, respectively. Further, the comprehensive analysis of secondary data is done in
Study 4 to investigate the role of magnitudes within existing datasets, as it has often been
overlooked or misinterpreted. The focus of the thesis is to underscore that magnitude is not a

mere boundary condition but rather central to the concept of loss aversion under risk.
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The first study involves testing a magnitude-dependent hypothesis for judgments and
choices using equiprobable symmetrical gambles conducted on student population
(Experiment]1 A; n = 146), with a subsequent replication on a job aspirant (Experiment 1B; n =
114). The second study (Experiment 2A; n = 183 & 2B; n = 187) employs the list method, where
a fixed gain is presented along with a sequentially increasing list of losses, to test magnitude-
dependent loss aversion. In the third study, an experiment was conducted in which participants (n
= 208) engaged in binary choices by playing a sequence of 200 hypothetical gambles within a
sample space consisting of low magnitudes versus high magnitudes. In the fourth study, a
detailed analysis of secondary datasets from previously published papers, specifically Zhao et al.
(2020) and Sheng et al. (2020), was performed. Both datasets used a similar paradigm to Study 3,

involving 200 binary choices across a range of magnitudes conducted in other countries.

The findings across the studies consistently support a magnitude-dependent hypothesis.
The results from Study 1 revealed that magnitude levels predicted affective judgments and
choices. Study 2 demonstrated a lower value of the loss aversion coefficient in the low-
magnitude group compared to the high-magnitude group using the list methods. Study 3 further
supported the magnitude-dependent hypothesis by demonstrating significant differences in
median loss aversion coefficients between the low and high magnitude groups. In Study 4, the
examination of symmetric gambles in the decision space consistently revealed that magnitudes
significantly impacted choices, with higher rejection rates observed at larger magnitudes within
the sample space. These cumulative results affirm magnitude-dependent loss aversion across
diverse populations and experimental paradigms, underscoring the pivotal role of magnitude in

shaping our understanding of loss aversion under risk.



Keywords: Loss Aversion, Magnitude-dependent Loss Aversion, Judgment, Choice,

Risky Decision making.
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