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ABSTRACT

Social Media (SM) platforms play a significant role in the sharing of information. The rapid
surge of SM users has brought in broad interest amongst governments, individuals,
businesses, and other organizations to understand the behaviours exhibited by these
platforms. The information shared by a SM user receives attention from other users in
views, likes, comments, and shares based on various parameters. This thesis helps readers
understand some of the significant reasons behind information propagation. Twitter, a
microblogging platform that connects around 330 million monthly users (Twitter, 2021),
acts as one of the primary sources of user-generated content. It is extensively used to share
information in the form of text data or media. The studies in this thesis use Twitter as the
source of information and explain various gaps in the literature related to SM and

information propagation.

To achieve reach, to organize masses, to educate people, to inform about an activity and to
stop spreading rumours in SM, it is necessary to understand the reasons behind the sharing
of information. Group behaviour related theories from sociology explain information
sharing between individuals. This research explores the possibility of understanding these
theories from a SM perspective. A set of individuals or SM users subscribing to particular
information were treated as a group to explore the possibilities of associating with these

traditional theories.

Hashtags are one of the significant features available in a SM platform. It plays a major

role in the grouping of information. The convergence behaviour exhibited by the usage of



hashtags helps in identifying the information being shared on a particular topic. Study on
hashtags demonstrated how SM analytics might assist in discovering debate themes from
a pool of information being shared, as well as determining who the influencers are and how

much they influence information dissemination.

The thesis also explains the role of close friends and acquaintances in the sharing of
information. Identifying cliques and then learning the pattern of liking and retweeting
helped in understanding the significance of close friends in information propagation. This
thesis proves that it is not the close friends that play a significant role in information
propagation; rather, it could be the acquaintances who play an important role in
disseminating information. This work also explains the contagion behaviour of SM users
and proves that the sentiments of content did not have a significant impact on the

information virality.

This research also explores the role of tweets with images and information propagation.
Using learning algorithms, tweets were classified as viral or non-viral. These tweets were
further processed to determine the role of various parameters in making a tweet with an
image go viral, as well as to predict the likelihood of a tweet going viral. Since the
contribution of image parameters in the popularity of tweets was minimal, this work was
extended to learn the features of popular images. Different image parameters were studied
to identify the dominant colours, the relevance of the number of objects, and to perform

emotion analysis.



This thesis contributes to the studies on information propagation in Social Media by
explaining several perspectives related to hashtags, cliques, and images, as well as their

contribution to contagion and convergence behaviour.

Vi
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